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Price Per Unit (PPU)
• What is PPU at Amazon?
• How does it help the customer?
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PPU in Amazon Catalog
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PPU in Amazon Catalog
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PPU in Amazon Catalog



Challenge with PPU
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• What are the challenges with PPU?
• How does we tackle them?



Challenges with PPU
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• Sellers put wrong PPU info
• Specify it in free-text
• Unstructured
• Extracting only relevant values
• Computing total quantity 
• PPU on product image



Problem Formulation
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Problem Formulation
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• Named Entity Recognition (NER) is a de-facto solution to fact extraction. However, it does not 
allow to couple start and end indices explicitly to check for their compatibility while training 
and are prone to small variations, for e.g., "fluid ounce" or "fl oz", which need to be tagged.

• To overcome these limitations, we introduce a span-image architecture that works at a 
character-level and employ a QA approach to quantity extraction which conditions the 
extractor model with UoM type specific question (eg. “What is the total volume?”).
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• Named Entity Recognition (NER) is a de-facto solution to fact extraction. However, it does not 
allow to couple start and end indices explicitly to check for their compatibility while training 
and are prone to small variations, for e.g., "fluid ounce" or "fl oz", which need to be tagged.

• To overcome these limitations, we introduce a span-image architecture that works at a 
character-level and employ a QA approach to quantity extraction which conditions the 
extractor model with UoM type specific question (eg. “What is the total volume?”).

• Formally, for a product 𝑃 with set of 𝑁 text attributes - {𝑎!", 𝑎!", … 𝑎#" }, with character sequences 
𝑥$ = {𝑥!$ , 𝑥%$ , … 𝑥&!

$ }, where 𝑥'$ 	 ∈ 	ℝ( are 𝑘-dimensional character embedding for 𝑗)* character in 
the sequence of length 𝑛$ for attribute 𝑎$", task is to predict UoM type and use it to predict the 
begin and end indices of all relevant quantities in each 𝑥$.



Model Architecture
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UoM Classification and Quantity Extraction 
Networks



Results
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• How did we obtain training dataset?
• How does our model fare with the baselines?
• How does we deploy our model?
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Dataset

• We used auditors for UoM type and total 
quantity 
• Tag parts of the title using some heuristics
•  Add noise 

• adding, deleting, changing characters
• adding gibberish words

• We trained US, EU-5 and IN models with 
training dataset of sizes 430k, 270k and 150k 
respectively and used 10% held-out set. 
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Comparison with Rule-based models
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Comparison with BERT models
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Latency Scaling



Thank You!
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